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Intra - Rural Divide:

a concept that recognises distinct forms of
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Territorial Capital:

The specific set of local tangible and non-
tangible resources of a region that determine
the area’s potential of development and its

development trajectories

(OECD 2001; Camagni 2009; Camagni & Capello 2013; Orsi et al.
2022) .
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Territorial Capital

Underlines the specific provision of factors of
development, enabling the understanding of
specificities of Regions. As a result, it emerges
as a useful conceptual apparatus for framing

and investigating intra-rural divide
(Fratesi & Perucca 2017; Boczy & Cordini 2020) .
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Human Capital

IS a component of TC related to the set of competences
and abilities of a population. HC emerges as a significant
determinant of development and of resilience in relation to
eX0genous Socio-economic events (Mazola et al. 2018) and

adaptation and reconversion of local economies
(Fratesi & Perucca 2017) .
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M'ﬁﬂl %

Research question:

Development of metrics for discerning
regions presenting specific
configurations of social, economic and
spatial conditions.
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SOM + K-MEANS CLUSTERING K-MEANS CLUSTERING

Normalisation of Indicators Z-Standardize

Dimensionality reduction of the Determination of the number of Elbow Plot
: — >
variable space clusters K

Determination of the number of Elbow Plot Determination of K Clusters K-Means Clustering
clusters K

Determination of K Clusters K-Means Clustering Qualification of sub-sets Statistical Analysis

Evaluation of similiarities of Jaccard Similarity

Clustering Results Index
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Population Variation in the 2002-2022 period

Total Internal Migration Balance in the 2002-2022 period
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Elderly Dependency Index (2022)
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Population at Year 2022
Population at Year 2002
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VRPA22

VA_2020

R_HT_EM

TEDUT

RENRT

Voting Participation rate (General Election, 2022)

Variation of Voting Participation Rate

Added Value per employee in Local Units (2020)

Incidence of High Technology enterprises in terms of employed
individuals

Proportion of individuals with tertiary education on the population
aged 25-64 years

Proportion of enrolment to tertiary education on the population aged
18-24 years
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RPA;, - RPAg

(NTT/Nls 64)

(NET/NLg )

Data from Italian Ministry of Interior

RPA», Voting participation rate in 2022

RPAg Voting participation rate in 2018

ISTAT Data

ISTAT Data

NTT Number of Individuals with Tertiary education at year J
NI>9 Number of Individuals aged 25-64 years

NET Number of enrolments to Tertiary education at year J

NI>9 Number of Individuals aged 18-24 years
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Similarity Analysis
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Similarity Analysis
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Cs

areas of intense

decline

C, Cy

areas of moderate areas of potential
decline development

Qualification of LAU Clusters
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Cs C; Cq
areas of mild creative areas areas of relocation of
depopulation and of urban population
cognitive and creative

capital

Co

areas of intense

Cio

areas resilient to/
recovering from
legacy decline

depopulation
conserving cognitive
capital




iIi Uncovering Intra-rural divide via Clustering Algorithms
MIAES) : Jo

K-Means
R=0.558
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SOM +
K-Means
R=0.530
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Formulating
Place-based
strategies

Adaptation
Strategies

Mitigation
Strategies
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Aimed at improving life
conditions of the resident
population

Aimed at reducing the impact of
exogenous forces including
global trade liberalization, labor
segmentation and
marginalization of rural areas

Retain Population

Invert depopulation trends
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Cs

areas of intense
decline

Adaptation Policies

Cy

areas of
development

Development
Policies
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Cs

areas of mild
depopulation and of
cognitive and
creative capital

Adaptation +
Development
Policies

Co

areas of intense
depopulation
conserving

cognitive capital

Adaptation +
Development
Policies

G

creative areas

Mitigation +
Development
Policies

Cg

areas of decline
mitigated by foreign
migration

Adaptation+
Development
Policies

Cg

areas of relocation
of urban population

Mitigation +
Development
Policies

C1O

areas resilient to/
recovering from
legacy decline

Adaptation+
Mitigation+

Development
Policies




Assist Public

Institutions
In:
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3

Enabling cooperation
among areas
presenting similar
conditions

2

Individuation of areas
of non-reversible
decline

4

Formulating targeted
place-based
strategies strategies
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